insights sorted by industry, region, or expertise. Tailored sales target dashboards provide sales rep-
resentatives with real-time data on actual, targeted, and predicted revenue, fostering a personalized
approach to performance improvement. Pre-sale analytics evaluate capacity, effort, and spending
for project bids, incorporating stakeholder feedback to refine resource allocation. Additionally, re-
ports identifying incomplete CRM fields ensure data integrity and accuracy. Power Bl enables data-
driven decision-making, positioning Intellias as a leader in sales and marketing optimization.

5. Revenue Forecasting and Strategic Decision-Making Using Power BI
Revenue forecasting at Intellias harnesses the power of Microsoft Power Bl to deliver accurate,
actionable insights. By analyzing historical CRM data, Power Bl generates projections segmented
by industry, expertise, region, and time period, enabling leadership to make informed strategic deci-
sions. Predictive analytics highlight potential revenue trends while uncovering areas for operational
improvement, ensuring that strategies align with long-term goals. The platform’s intuitive dash-
boards and robust visualization capabilities simplify complex data analysis, fostering a culture of
proactive, data-driven management. This abstract explores how Power BI’s advanced forecasting
tools empower Intellias to maintain its competitive edge and achieve sustainable growth.

Intellias’ strategic adoption of Microsoft Power BI demonstrates the transformative potential
of advanced analytics in a modern enterprise. Across talent management, delivery processes, finan-
cial oversight, and sales and marketing optimization, Power Bl has become a cornerstone of our
data-driven approach, enabling precision, agility, and innovation. By integrating Power Bl into eve-
ry level of our operations, we not only unlock deeper insights but also foster a culture of informed
decision-making and continuous improvement. The insights presented here showcase how Power Bl
has empowered Intellias to drive measurable outcomes and achieve sustained success in an increas-
ingly complex and dynamic business landscape.

References:

1. Gartner. (2024). Magic Quadrant for Analytics and Business Intelligence Platforms. Gartner Re-
search.

2. Sharda, R., Delen, D., & Turban, E. (2020). Business Intelligence and Analytics: Systems for Deci-
sion Support. Pearson Education.

3. Reddy, K. S., & Agrawal, R. (2020). Application of Power Bl for Enhancing Financial Analytics. In-
ternational Journal of Computer Applications, 176(23), 12-18.

4. Santos, R., & Brito, P. (2021). Enhancing Business Decision-Making through Business Intelligence
Tools: An Empirical Study. Journal of Applied Management and Business, 9(2), 35-45.

5. Al-Okaily, M., & Alqudah, H. (2021). The Impact of Data Visualization on Decision-Making in Or-
ganizations. Journal of Information Systems and Technology Management, 18, 1-18.

MOJIEJIOBAHHSA ®ITHAHCOBOI CTIMKOCTI OIJIIIPUEMCTBA

Oobmetko Beponika, cTyZeHTKa.

HarionanbHuit TexHIYHUM yHIBEpCUTET YKpaiHu
«KuiBcbkuit monitexHiyHui iHCTUTYT iMeHl Iropst CikopcbKoro»
KuiB, Ykpaina
e-mail: veronika.darkshadow@gmail.com

HayxkoBwii kepiBauk: Autunenko Hanis BacuniBHa, TOKTOp €KOHOMIYHUX HayK, Tpodecop
HarionanbHuit TeXHIYHUM yHIBEpCUTET YKpaiHu
«KwuiBcbkuil momitexHiYHUN 1HCTUTYT iMeHi1 [ropst CikopchKoro»
KuiB, Ykpaina
ORCID ID 0000-0003-4132-4709
e-mail: antypenko@Ill.kpi.ua

Posrnsinemo mozentoBaHHs (PiHAHCOBOI CTIHKOCTI MiJMPHEMCTBA 32 YMOBU BHUKOPUCTAHHSIM
QITOPUTMIB MAIIMHHOTO HABUYAaHHS — 1€ KOMIUIEKCHUH MiXi1, 110 6a3yeThcs Ha aHami31 GiHaHCO-
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BUX JIaHUX 32 JIOMTOMOTOI0 CYYaCHHUX MaTeMaTUYHHUX MeToniB. OCHOBHAa MeTa — IPOTHO3YBaTH
CTaOUIbHICT MIANPHUEMCTBA, BUSBIATH PU3UKU Ta ONTUMI3yBaTHU YIpaBIiHChKI pimeHHs. Llei mpo-
1IEC CKIIQIAEThCA 3 KUTBKOX €TalliB, SIKi MU ITOCTYIIOBO PO3TJITHEMO.

Jlnist yCHimHOTO MOZETIOBAHHS BaXIJIMBO 3a0€3MEUUTH SKICHUI 30ip Ta peTesbHy MiATOTOBKY
nanux. Ha moyarkoBomy etami HEOOXiHO YITKO BH3HAYUTH JpKepena iHdopmarllii, 3 SKuX Haaxo-
1aTh nani. Cepell OCHOBHUX JKEPE MOXKHA BHILTUTH TaKi:

- BimkpuTi 0a3m ganux: YouControl, OpenDataBot (B Ykpaini), Bloomberg, Yahoo Finance
(Mi>XHApOIHI);

- BacH1 (piHAHCOBI 3BITH MIANPUEMCTBA: OAJAHCOBI 3BITH, 3BITH NMPO MPUOYTKH Ta 30UTKH,
IPOIIOBI TOTOKH;

- BeO-ckpaminr adbo API-inTerparist 11 OTpUMaHHS 30BHIMIHIX PUHKOBUX JaHHX.

Taxosx 3BepHEMO yBary 0e3nocepeHho Ha 00poOKy maHux (puc. 1): BUAaICHHS MPOMYCKIB Ta
aHOMAJTIH; TTepeBipKa Ha KOPEJAIII0 MK 3MIHHUMH, TpaHchopmMallis abo arperyBaHHs MOKa3HUKIB;
MacmTaOyBaHHS YHMCIOBUX 3Ha4eHb (Hampukiaa, Hopmamizamis yepe3 StandardScaler y Python).

[1]

Python O Konitosatm

import pandas as pd
from sklearn.preprocessing import StandardScaler

# 3aBaHTaMeHHS AaHWX
data = pd.read_csv(

# MacuTabyBaHHS
scaler = StandardScaler()
data_scaled = scaler.fit_transform(datal[

Pucynox 1 - 3aBantaxeHHs Ta MaciiTaOyBaHHs (DiHAHCOBUX JaHUX

[Monepenniit anani3z ganux (EDA) — eramn, Ha sikoMy BiIOyBa€ThCs JOCIIIHUIBKUN aHAI3
JaHUX, IO JI03BOJISE OL[IHUTH CTPYKTYpPY Ta OCOOJIMBOCTI HAOOpy AaHUX, a TAKOK BHIUINTH KIIO-
40Bi ()aKTOPH, SIKi BIUTMBAIOTH Ha (DIHAHCOBY CTIHKICTB.

HaBenemo KIIt040OBi METOIH:

- Bizyanizanis po3noautis 3a JonoMoror Seaborn.

- H06y,ZLOBa KO eJBII_[iI7IHI/IX MaTpullpb )11 BUABIICHHA CUJIBHUX B3a€MO3B'SI3KIB.
Python 0 Konitosam

import seaborn as sns
import matplotlib.pyplot as plt

# HopenduiiiHa matpuus
sns.heatmap(data.corr(), annot=True, cmap=
plt.show()

Pucynok?2 - Bizyamnizanis kopensiiiHoi MaTpuii ()iHAHCOBUX JaHUX

Hactynuwmii eran nporecy craHoBUTh pe3ynsTaTd EDA, a came, BUsBIIEHI 3aKOHOMIPHOCTI,
SIK-OT BUCOKA KOPEJIAIiSl MK JIIKBIIHICTIO Ta TJIATOCIIPOMOKHICTIO, CTalOTh OCHOBOIO JIJIsl OOy 10-
BU MOJIEIIi.

Po3pobka Mozeni MalIMHHOTO HaBYaHHS, 1€ €TaIl MPOIIeCy, KOJIM Ha OCHOBI OTPUMAHMX Jia-
HUX CTBOPIOETHCS MAaTEeMAaTU4YHA MOJEb, IO JI03BOJISIE MPOrHO3yBaTH (PIHAHCOBY CTIHKICTh
mianpuemMcTBa. BinOyBaeTscs BHOIp anropuTmy:

- JIOTICTUYHA perpecis — s IPOCTOi OLIIHKY HMOBIPHOCTI PUBHKY;

- lepeBa pilleHb Ta TPaJAieHTHUNA OyCTHHT — JJIs1 TOUHIIIOTO MTPOTHO3YBaHHS;

- MOOK1 HEUPOHHI MepeKi — JUIst 0OPOOKH CKIIQAHUX 1 BETMKUX HAOOPIB TaHUX.

®opmyity JOTICTUYHOI perpecii po3risiiaeMo y HacTynHomy Burisiai (1):

. 1
1+e—(Wo+W1X1+W2X2+-+WnXn) ( )

P(y=11x) =

343



ne, P(y=11X) — iimoBipHicTh iHAHCOBOI CTaOIIBHOCTI, W; — Baru, X;— MOKa3HUKH.

HactynHuii eran HaB4aHHS Ta TECTyBaHHA MOJEJI, Ha I[bOMY €Talll NPOBOAUTHCS
PO3JIJICHHS JaHUX Ha HaBYAIbHY Ta TECTOBY BHUOIPKH, MICIIS YOTO aJTOPUTM HABYAETHCS HA
icTOpUYHUX AaHuX.[3]

Peanizanis anroputMmy rpagieHTHOro OyCTHHTY IpUiiMae HaCTYIHHM BUTIsA (puc.3):

Python 0 KoniroBatu

from sklearn.ensemble import GradientBoostingClassifier
from sklearn.model_selection import train_test_split
from sklearn.metrics import accuracy_score

# PoszfineHHs paHux
X_train, X_test, y_train, y_test = train_test_split(data_scaled, datal

# CTBopeHHs mopeni
model = GradientBoostingClassifier()
model.fit(X_train, y_train)

# MNporHo3yBaHHA
y_pred = model.predict(X_test)

print( , accuracy_score(y_test, y_pred))

Pucynok 3 - HaBuanHs Ta o11iHKa MOJIeNi IPpal€HTHOTO OYCTUHTY

3ayBaxxuMo, 10 Kpoc-Baijaiis 3a0e3neuye cTabUIbHICTh MOJETI Yepe3 MepeBIpKy Ha
KUTBKOX ITiIBHOIpKaX.

Ha erani inTepnperariii Ta IporHo3yBaHHs, pe3yJIbTaTi MOJIE]Ii BUKOPUCTOBYIOTHCS IS
OIIIHKY ITOTOYHOTO CTaHYy ITiIITPHEMCTBA Ta MPOTHO3YBAHHS MOMIIMBHX TPOOIIEM.

Pozpaxynok ¢inancooro inaekcy (FinScore) 3abe3neuyerbes hopmyoro (2):

FinScore = Y w;F;, ne0<w; <1 Tta Y-, w;=1 (2)[0]

ne, F; — Oanu 3a KIIOYOBMMH IOKAa3HUKAMH, TaKUMH SK JIKBIJIHICTb, IJIATOCIPO-
MOKHICTh, TPUOYTKOBICTb.

PesynbraT Mozenel IHTErpyrOTbCsa B CUCTEMY YIIPABIIIHHS HIANPUEMCTBOM, 110 peai-
3y€ HACTYIHUI eTall IMIUIEMEHTalii pe3yJIbTaTiB:

MoHiTOpHHT (hiHAHCOBHUX MOKA3HUKIB B peabHOMY Yaci.

ABTomaru3aiis 3BITHOCTI uepe3 iHTerpauito Python 13 cuctemamu Bl

Po3pobka crpareriii crabinizanii, TAKMX SIK ONTUMI3allisg BUTPAT Y 3aJy4yeHHs KarliTa-
ay.

BukopucranHs TeXHOJIOTIH, e eTamn peainizanii mojeneit y Python, mo 3aiiicHIOETBCS
yepe3 010110TeKH:

Pandas Ta NumPy — nnst o6poOku gaHux.

Matplotlib, Seaborn — nist Bi3yamizarii.

Scikit-learn, XGBoost, LightGBM — a5t cTBOpeHHS MOIeneii.

TensorFlow, PyTorch — st rinbGokoro HaBYaHHS.

3acTocyBaHHSI MAllIMHHOTO HaBYaHHS JI0 aHaII3y (pIHAHCOBOI CTIMKOCTI BIAIKPUBA€E HOBI
MO>KJIMBOCTI JUIsl MiANIPUEMCTB. BoHO 3a0e3neuye TOYHICTh MPOrHO3iB, JOMIOMAarae 3MEHIIUTH
PU3UKH Ta CIpUSE MPUHHATTIO OOTPYHTOBAHUX CTPATEriuHUX pPIlIeHb. YCHIIIHA peasizaiis
NOJIOHUX TPOEKTIB JO3BOJISIE HE JIMIIE OILIHIOBATH MOTOYHHMM CTaH, a il aganTyBaTHCA 10
BHUKJIMKIB Y O13HEC-CepEeOBUIIII.

Jlireparypa:
1. Ananmiz Ta MonemoBaHHS (HiHAHCOBO-€KOHOMIUHHMX ITOKa3HUKIB Hi,HHpI/ICMCTB 3 BHKOPHCTaHHSIM
BIZIKPUTHX iHpOpMAIIHHIX 6a3 JTaHUX chrome-

extension://efaidnbmnnnibpcajpcglclefindmkaj/https://elartu.tntu.edu. ua/bltstreamll|b/39355/2/MMMTES 2022
_Riznyk_N_M-Analysis_and_simulation_148-150.pdf
2. Simplelmputer-https://scikit learn.org/1.5/modules/generated/sklearn.impute.Simplelmputer.html
3.Gradient boosting machines. A tutorial -
https://www.frontiersin.org/journals/neurorobotics/articles/10.3389/fnbot.2013.00021/full
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